
Skills, Education, and the 
Impact of Covid-19 on the 
South African Labour Market: 
A Conceptual Framework

Labour Market Intelligence 
research programme

2022

NSF
National Skills Fund
FUNDING TO SKILL OUR NATION



 1 

Skills, Education, and the Impact of Covid-19 on the South African Labour Market 
Conceptual Framework 

 
Development Policy Research Unit 

June 2022 
 

 
Key Concepts  
 
This section introduces and provides definitions/explanations of key terms and concepts that 
will be used in the Report.  
 
Employment: An individual is considered by Statistics South Africa (StatsSA) (2008) to be 
employed if, for at least one hour during the survey’s reference week, they worked for a cash 
or in-kind payment; ran a business, irrespective of size, alone or with partners; helped without 
pay in a business operated by a household member; or was temporarily absent from a job or 
business. The employed therefore include employees, the self-employed, employers, and 
unpaid family workers, and is also referred to as the workforce. 
 
Skills: In a skills planning context, skills are “all types and facets of competencies required by 
workers to perform their jobs” (OECD, 2017). The term may, though, be used in different 
contexts to refer to competencies, educational attainment or qualifications, or occupations. In 
some contexts, skills refer to job competencies, such as communication, literacy or numeracy. 
Competencies that are required in the workforce, but which may not be adequately 
represented in the current skills profile of the workforce, are also labelled in the South African 
discourse as ‘critical skills’, ‘top up skills’ or ‘skills gaps’. Skills may be thought of in terms of 
educational attainment, such as grade 12 or a degree, or qualification, such as a National Senior 
Certificate, a MSc degree, or a diploma in nursing. Finally, skills may be conceptualised in terms 
of occupations—for example, electrician, nurse, or civil engineer—when considering high- or 
entry-level skilled occupations, or occupations in high demand. In this document, the term 
‘skills’ is primarily used to refer to qualifications or education attainment. Where appropriate 
however, it will also be used to refer to job competencies or occupations. 
 
Skills Demand: Skills demand refers to the skills required by employers at prevailing wages rates 
to meet their operational needs. In this sense, the demand for skills derives from the demand 
for the goods and services produced by employers. Skills demand is driven by the current and 
future skills needs of public and private sector employers and can be met either by employing 
individuals with the required skills or upskilling current employees so that they possess the 
required skills. 
 
Skills Mismatch: A skills mismatch may occur where the skills supplied by an individual do not 
match demand exactly, but are sufficiently close for employers to hire the worker. Skills 
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mismatches refer either to the inadequacy of a worker’s skills relative to the requirements of 
the job he/she is currently in (e.g. having a lower level of qualification than required for the 
job, or being trained in a field of study other than the one generally required for the job); or to 
the opposite phenomenon whereby a worker’s skills exceed those required by the job (e.g. 
having a higher level of qualification than required for the job). A skills mismatch can include a 
qualification mismatch or a field-of-study mismatch. 
 
Labour Force: The labour force is the economically active population, which includes all 
individuals who are either employed or unemployed – where unemployment is defined as per 
the ILO’s definition, and excludes ‘discouraged work-seekers’.1 
 
  

 
1 https://www.ilo.org/wcmsp5/groups/public/---dgreports/---stat/documents/publication/wcms_422438.pdf  

https://www.ilo.org/wcmsp5/groups/public/---dgreports/---stat/documents/publication/wcms_422438.pdf
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1. Purpose of the report 
 

In response to the Covid-19 pandemic, the South African government implemented a national 
lockdown to prepare the necessary health infrastructure as well as to delay and minimise the 
spread of the virus. This initial lockdown, which began on 26 March 2020 and lasted for five 
weeks, was relatively stringent by international standards, making no allowance for any non-
essential activities outside the home (Bhorat et al., 2020; Gustafsson, 2020). Following this, a 
phased easing of restrictions was framed around five levels, with the initial lockdown period 
classified as level 5. Regulation under lower levels introduced throughout the course of 2020 
and 2021 gradually permitted specific categories of ‘non-essential’ work to resume. Estimates 
using pre-crisis data suggest that just 40 percent of the employed were permitted to work 
under level 5, rising to 71 percent under level 3 (Francis et al., 2020). 
 
South Africa’s lockdown was always expected to incur economic costs, however, the scale of 
the impact has been severe. Official labour force data shows that there were approximately 
2.2 million fewer people employed in the second quarter of 2020 relative to the first2 – 
essentially erasing the last 10 years of job growth in the economy. As the pandemic has 
progressed, the South African labour market has made a partial recovery, but it has been slow. 
By the end of 2020 there were still 1.4 million fewer people employed relative to pre-pandemic 
levels, and the rate of recovery appears to have stalled during the first half of 2021. 
 
Crucially, the distribution and trajectory of both job loss and recovery has been uneven. 
Considering education and skill-levels, there is evidence that job loss was disproportionately 
concentrated among individuals with lower levels of formal education and occupation-related 
skill. Köhler et al. (2021) show that those with less than a Grade 12 qualification accounted for 
70 percent of net employment loss over the short-term, despite representing just 45 percent 
of pre-pandemic employment, while low- and semi-skilled workers accounted for nearly all 
jobs lost. Less is known about recovery within and between these groups of workers, and a 
detailed analysis of education and skill levels may help to explain labour market inequalities 
during the recovery period in South Africa. It is plausible that higher levels of human capital, as 
measured by one’s highest level of education or skill-level, may have served as a shield to both 
reduce the likelihood of job loss and enable recovery among job-losers. 
 
The purpose of this report then is to provide a detailed, descriptive and empirical analysis into 
the role of education and skills in explaining differences in the short- and medium-term 
distributions of job loss and recovery in the South African labour market during the Covid-19 
pandemic. To do so, we propose to make use of representative, longitudinal survey data 
collected during the pandemic, and employ relevant econometric techniques. In this way, the 
work forms part of the labour market intelligence project which feeds back into policy 

 
2 A similar change in employment is observed if one alternatively uses year-on-year changes. 
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questions around education and skills constraints, possible future skills demand, and the 
changing nature of work in the country.    
 
2. Rationale for the report  

 
Research conducted during the pandemic in South Africa show that job losses have been 
concentrated among a wide range of vulnerable groups, particularly individuals in the poorest 
households (Köhler & Bhorat, 2020), low-wage workers (Jain et al., 2020; Ranchhod & Daniels, 
2021), informal workers (Benhura & Magejo, 2020; Köhler et al., 2021), those with transient 
employment or persistent non-employment histories (Espi et al., 2020), those living in poor 
urban communities (Visagie & Turok, 2020), and women – particularly the poorest (Hill & 
Köhler, 2021; Casale & Posel, 2020; Casale & Shepherd, 2020). These findings are consistent 
with those observed in labour markets across the world (International Labour Organization 
(ILO), 2020). However, as explained above, less is known about the distribution of recovery 
across groups, and even less about the role of inequality in education and skill during this 
period. Considering the well-documented nexus between education, skills and labour market 
outcomes in South Africa, it is important to have a clear understanding of how the pandemic 
has affected this relationship and potentially exacerbated existing inequalities.  
 
From a policy perspective, this report will add value in several respects. Firstly, it offers a 
comprehensive overview of the evolution of job loss and recovery during the pandemic in 
South Africa, with a focus on heterogeneities in education and skill levels. Secondly, it aims to 
provide an understanding of how the pandemic has influenced the relationship between 
education, skills and labour market outcomes in the economy. Taken together, the insights 
that emerge from this work will broadly contribute to policy dealing with issues relating to the 
linkages between the education and training system and labour market. Finally, the findings 
from our empirical approach, which we discuss in more detail below, adds to existing work in 
the labour market dynamics of Covid-19 literature in South Africa. 
 
3. Key research questions to be answered through the study 

 
To clarify our research focus within the frame introduced above, there are a number of specific 
research questions that we aim to answer in this study: 
 
1. Firstly, we want to understand how the pandemic, in the short-term, impacted the 

employment levels of individuals of varying education and skill levels in the South African 
labour market. 

2. Secondly, we want to understand how the extent and nature of employment recovery 
varied for individuals of varying levels of education and skill as the pandemic has 
progressed. 
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3. Thirdly, we want to understand the extent to which inequality in levels of education and 
skills explains the probability of both job loss and recovery in the South African labour 
market during the pandemic.  

4. Fourth, we want to understand how the pandemic has affected the relationship between 
education and labour market outcomes over time.  

 
4. Target group for the report  

 
The final report has a varied target audience that includes policymakers, at Department of 
Higher Education and Training and other government institutions concerned with labour 
market issues such as the Department of Labour and National Treasury; academics and 
researchers; SETAs and organisations in the private sector involved with skills planning.  

 
5. Scope of report 

 
Our analytical timeframe is partly determined by the data available and focuses primarily on 
the 2019 to 2021 period, using the most recent data available. We propose to use data from 
2019 to construct ‘pre-pandemic’ estimates of employment by education and skill level, as well 
as the relationship between education, skills and labour market outcomes, and compare these 
estimates to those from the pandemic period from the second quarter of 2020 onwards. For 
this analysis we intend to make use of the labour force survey data available from Statistics 
South Africa (StatsSA); specifically, the Quarterly Labour Force Surveys (QLFS). These datasets 
contain relatively detailed, representative, individual-level information on highest education 
levels, type of education institutions, occupational and industry information (to the 4-digit 
level), as well as a range of other relevant demographic and labour market data. Notably, as a 
consequence of the pandemic on the sampling design and data collection of the QLFS, the data 
from the first quarter of 2020 to that of 2021 is longitudinal in nature. This is not usually the 
case for the survey, and therefore allows us to follow most individuals in the survey over the 
pandemic and make use of panel econometric techniques to further analyse the data in more 
detail. Using this data, we seek to address the above research questions through a combination 
of quantitative, descriptive analysis and multivariate regression modelling, described in more 
detail below. 
 
6. Methodology and approach 

 
In this report, we seek to make use of representative, individual-level data from the QLFS 
provided by StatsSA to provide a comprehensive quantitative overview of the distribution of 
(1) job loss and (2) recovery by education and skill level during the pandemic in South Africa in 
2020 and 2021, (3) an analysis of the extent to which education and skill levels can predict the 
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probabilities of job loss and recovery, as well as (4) an analysis of how the pandemic has 
affected the relationship between education and labour market outcomes. 
 
To address (1) and (2), we plan to make use of standard statistical techniques to conduct a 
descriptive analysis of employment levels across education levels from before to during the 
pandemic. For instance, Table 1 presents our weighted estimates on year-on-year changes in 
net employment from 2019Q2 to 2020Q2. The estimates in the table make it clear that the 
immediate employment loss following the onset of the pandemic was concentrated among 
those with lower education levels, and among low and semi-skilled workers. Employment 
among those with a primary education or less fell by nearly 30 percent, in contrast to those 
with a matric (9 percent) or post-secondary education (3.5 percent). The former group can be 
said to have been disproportionately affected when their pre-pandemic employment share of 
just 9.5 percent is considered. A similar picture can be seen when considering skill-levels, with 
lower-skill workers being more adversely affected in terms of employment.  
 
Table 1: Net employment by education and skill-level, 2019Q2 and 2020Q2 

  2019Q2 2020Q2 
Change 

Employment 
shares (%) 

Share of 
change 

(%)   Absolute % 2019Q2 2020Q2 

 
  

     
Total 16 312 706 14 148 215 -2 164 491 -13.27 100.00 100.00 100.00 
Education        

Primary or less 1 879 845 1 329 658 -550 188 -29.27 11.68 9.49 26.33 
Secondary incomplete 5 360 983 4 443 230 -917 753 -17.12 33.30 31.72 43.91 
Secondary complete (matric) 5 346 917 4 846 446 -500 471 -9.36 33.21 34.60 23.95 
Post-secondary 3 511 214 3 389 699 -121 516 -3.46 21.81 24.20 5.81 

Skill-level        
High-skilled 2 367 575 2 360 096 -7 479 -0.32 14.51 16.76 0.34 
Semi-skilled 9 228 963 7 790 407 -1 438 556 -15.59 56.58 55.31 64.63 
Less-skilled 4 715 050 3 935 253 -779 797 -16.54 28.91 27.94 35.03 

Authors’ own calculations. Source: QLFS 2019Q2 and 2020Q2 (StatsSA). 
Notes: all estimates weighted using sampling weights; sample restricted to those aged 15 to 64 years. 

 
Figure 1 again highlights the above observed inequalities in employment impacts across 
education levels, however, it extends the timeline to cover the remainder of 2020 to examine 
the extent of recovery.3 Regardless of education group, employment had yet to recover by the 
end of 2020. In addition to being most severely affected, employment recovery among workers 
with primary levels of education or less was the slowest amongst all groups, with employment 
by the end of 2020 at only 82 percent of pre-pandemic levels. This contrasts with those with 
an incomplete secondary (89 percent), a matric or equivalent (97 percent), and post-secondary 
education (94 percent). All these differences are statistically significant at the 5 percent level. 
This analysis will be extended in the report to cover future periods where data permits.  

 
3 In this case, employment levels over the year are compared to 2020Q1, as opposed to 2019Q2 in the table 
above. 
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Figure 1: Employment by highest level of education relative to 2020Q1 

 
Authors’ own calculations. Source: QLFS 2020Q1, 2020Q2, 2020Q3, 2020Q4 (StatsSA). 
Notes: all estimates weighted using sampling weights; capped spikes represent 95% confidence intervals; sample restricted 
to those aged 15 to 64 years. 

 
To address question (3), we plan to estimate multivariate regression models which individually 
predict the probabilities of job loss and recovery based on a vector of observable individual-
level demographic and labour market characteristics. We plan to make use of the longitudinal 
nature of the data and estimate binary outcome models using both Linear Probability Models 
(LPMs) using Ordinary Least Squares (OLS) estimation and non-linear probit models using 
Maximum Likelihood Estimation (MLE). With a focus on the estimated education and skill level 
coefficients, the results from these models will allow us to examine, in an observationally 
conditional environment, the quantitative association between varying education levels and 
the probabilities of job loss and recovery.  
 
For instance, Figure 2 presents a coefficient plot of the estimates from a job loss probability 
model using OLS. Focusing on education and skill levels, we estimate that although those with 
an incomplete secondary were not more or less likely to experience job loss than those with a 
primary or less education level, those with a matric or equivalent were 7 percentage points 
less likely than those with a primary or less education level to experience job loss, and those 
with a post-secondary education 15 percentage points less. By skill level, a similarly story holds, 
with low- and semi-skilled workers exhibiting 10 and 7 percentage point higher job loss 
probabilities compared to high-skilled workers, respectively. Importantly, these differences in 
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job loss probabilities are not explained by differences in other observable characteristics 
including age, race, gender, industry, union membership, and several other variables.  
 
Figure 2: Linear probability model estimates of the probability of job loss  

 
Authors’ own calculations. Source: QLFS 2020Q1 and 2020Q2 (StatsSA). 
Notes: all estimates weighted using bias-adjusted sampling weights for 2020Q1; sample restricted to panel sample aged 15 
to 64 years; job loss defined as being employed in 2020Q1 and not in 2020Q2. 

 
Similar to Figure 2, we present the coefficient plot of the estimates from a job recovery 
probability model using OLS, in Figure 3. Job recovery here is defined as being employed in 
2020Q1, unemployed in 2020Q2, and then re-employed by 2020Q4. Interestingly, we find that 
those with an education level higher than primary level were all less likely to experience 
employment recovery relative to those with a primary level or less. Such recovery is of course 
conditional on job loss in the first place, for which these higher education groups were less 
likely to experience. This may speak to specific characteristics among this education group of 
workers which made them more vulnerable to both job loss and recovery, despite exhibiting 
higher education levels. This will be explored in more depth in the report. By skill-level, we do 
not estimate any significant differences in job recovery probabilities across skill groups.  
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Figure 3: Linear probability model estimates of the probability of job recovery  

 
Authors’ own calculations. Source: QLFS 2020Q1, 2020Q2, and 2020Q4 (StatsSA). 
Notes: all estimates weighted using bias-adjusted sampling weights for 2020Q1; sample restricted to panel sample aged 15 
to 64 years; job recovery defined as being employed in 2020Q1, not in 2020Q2, and employed again in 2020Q4.  

 
To address (4) – that is, an analysis of how the pandemic has affected the relationship between 
education or skills and labour market outcomes – we plan to conduct a multivariate regression 
analysis in which we individually model varied labour market outcomes on a vector of 
observable characteristics, including education and skill-levels, for each cross-section of the 
data. In this way, through a comparable econometric specification for several labour market 
variables including participation, employment, unemployment, and inactivity, variation in 
education and skill over time will provide insight into the influence of both factors on labour 
market outcomes, from before to during the pandemic. 

 
7. How will this report link to other reports or other components of the LMI research 

programme 
 

In addition to the broad linkages across the entire LMI project around skills supply and demand, 
this paper connects closely to the work focusing on the relationship between the education 
system and the labour market in South Africa. 
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